NOAA Activities in Support of the NASA GPM GV Program

R. Cifelli’, S. Goodman?, R. Ferraro3, N.-Y. Wang3,P. Xie?, R. Joyce?, B. Nelson®, O. Pratt5, P. Groisman®, Y. Xie®, S. Albers®, D. Birkenheuer®, K. Mahoney’, S. Rudlosky?
TNOAA/OAR/PSD, 2NOAA/NESDIS/GOES-R, SNOAA/NESDIS/STAR, *NOAA/NWS/CPC, SNOAA/NESDIS/NCDC, SNOAA/OAR/GSD

Overview:

NOAA is contributing to the NASA GPM Ground Validation effort through a variety of activities conducted
in three of the NOAA Line Offices: National Weather Service (NWS), National Environmental Satellite Data
and Information Service (NESDIS), and the Office of Oceanic and Atmospheric Research (OAR). These
activities, described in detail below, include improving satellite retrieval algorithms, developing, testing,

and evaluating precipitation products, and developing new forecast model assimilation techniques. In CMORPH Integrated Global and Regional Precipitation
addition to contributing to fundamental research on precipitation and hydrologic processes through Analyses
participation on the NASA PMM Science Team, NOAA intends to use GPM data to deliver improved P.Xie and R.Joyce
precipitation and hydrologic products and services. _
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(NWS, NESDIS, and OAR) and leverage NOAA’s g Under the limited funding support ($50K), we are able to e Control variables rain, snow, graupel, cloud liquid,
testbed infrastructure, including the SEP . study what GPM radar data can improve on analysis using a cloud ice
! . ST T, data assimilation system.
Hydrometeorology Testbed SE Pilot Study T main effort is on research of forward operators for GPM e Start with dBZ measurements from Ku band
(HMT-SEPS) radar data; « Similar to TRMM radar, but more sensitive
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